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An Examination of Vegetation Mapping Techniques for 
Ozegahara Moor and Surrounding Mountains using Satellite Remote Sensing
Hidetake HIRAYAMA＊, Mizuki TOMITA＊＊ and Keitarou HARA＊＊
Abstract: The Fourth Oze Scientific Research Project was initiated due to concern over the impact of 
global warming on vegetation in the Oze Region. One aim of the project is to develop a system for efficient 
monitoring of wide scale vegetation changes. The Oze Region, however, is often covered with snow and 
clouds throughout the year, making monitoring of wide scale changes challenging. This research examined a 
method for using satellite remote sensing data to create a physiognomic vegetation map for Ozegahara Moor 
and the surrounding mountains. A total of 268 Landsat/OLI images were recorded in 2014 （88 scenes）, 2015 
（86 scenes） and 2016 （94 scenes）. The images were processed by removing clouds and snow and mosaicked 
for each year. Ground truth data were prepared based on field survey information and extant vegetation maps 
produced by the Ministry of the Environment, and the mosaicked images were classified using the Random 
Forests machine learning system. The results showed an overall accuracy of over 0.9, indicating that this 
system is able to generate highly accurate physiognomic vegetation maps over a wide area.
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Band 1 - Ultra Blue 0.435－0.451 30
Band 2 - Blue 0.452－0.512 30
Band 3 - Green 0.533－0.590 30
Band 4 - Red 0.636－0.673 30
Band 5 - Near Infrared （NIR） 0.851－0.879 30
Band 6 - Shortwave Infrared （SWIR） 1 1.566－1.651 30
Band 7 - Shortwave Infrared （SWIR） 2 2.107－2.294 30
Band 8 – Panchromatic 0.503－0.676 15





















































ていた（図４ -a, b, c, d）。また、各年の相観植生図
では、環境省植生図において未整備であった領域
て反射率を取得可能な観測年ごとのモザイク画像を

































さらに、尾瀬ヶ原周辺の拡大図（図５-a, b, c, d）





全体精度 0.947 0.955 0.970




広葉樹 針葉樹 湿地低木 湿地草地 低木・草地 水域 市街地 裸地
ユーザ
精度
広葉樹 324 63 0 0 0 0 0 0 0.84
針葉樹 80 349 0 0 0 0 0 0 0.81
湿地低木 1 0 425 0 0 0 0 0 1.00
湿地草地 1 2 0 425 0 0 0 0 0.99
低木・草地 18 11 0 0 425 0 0 0 0.94
水域 0 0 0 0 0 425 0 0 1.00
市街地 0 0 0 0 0 0 425 0 1.00
裸地 1 0 0 0 0 0 0 425 0.99
プロデューサ
精度




広葉樹 針葉樹 湿地低木 湿地草地 低木・草地 水域 市街地 裸地
ユーザ
精度
広葉樹 321 38 0 0 0 0 0 0 0.89
針葉樹 81 377 0 0 0 0 0 0 0.82
湿地低木 0 0 425 0 0 0 0 0 1.00
湿地草地 2 0 0 425 0 0 0 0 1.00
低木・草地 21 10 0 0 425 0 0 0 0.93
水域 0 0 0 0 0 425 0 0 1.00
市街地 0 0 0 0 0 0 425 0 1.00
裸地 0 0 0 0 0 0 0 425 1.00
プロデューサ
精度
0.76 0.89 1.00 1.00 1.00 1.00 1.00 1.00 N＝3,400













広葉樹 針葉樹 湿地低木 湿地草地 低木・草地 水域 市街地 裸地
ユーザ
精度
広葉樹 329 3 0 0 0 0 0 0 0.99
針葉樹 73 419 0 0 0 0 0 0 0.85
湿地低木 0 0 424 0 0 0 0 0 1.00
湿地草地 0 0 0 424 0 0 0 0 1.00
低木・草地 23 2 0 0 424 0 0 0 0.94
水域 0 0 0 0 0 424 0 0 1.00
市街地 0 0 0 0 0 0 424 0 1.00
裸地 0 0 0 0 0 0 0 424 1.00
プロデューサ
精度
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